We explore whether differences of terrorism risk perception across all European countries reflect their underlying differences in terrorism risk, which we decompose into a long term and innovation component. We employ longitudinal country-level data on terrorism risk concern and our modeling approach is motivated by the Bayesian framework. We conclude that the observed risk perception variation is significantly explained by the long term terrorism countries face, while the cyclical part of terrorism activity does not affect risk perception.
Introduction
We conduct the first longitudinal analysis on a pan-European level, investigating whether differences in terrorism risk are reflected on terrorism perception, motivated by the Bayesian framework (Viscusi and O'Connor 1984; Viscusi 1985; Viscusi et al. 1987; Rogers 1997) .
Pinning down the drivers of terrorism concern is important since it is known to affect various economic and non-economic aspects of behavior (Elster 1998; Schuster et al. 2001; Becker and Rubinstein 2004; Berrebi and Klor 2006; Frey et al. 2007 ).
Data
Data on terrorism concern for 2003-2008 (broken down to six month intervals Spring-Autumn) were obtained from the Eurobarometer (ZA: 3904, 3938, 4056, 4229, 4411, 4414, 4506, 4526, 4530, 4565, 4744) 
Modeling terrorism risk concern
The Bayesian framework is our departure point where risk perception is a weighted average of the reference risk r , corresponding to the sample risk inferred from the information (Viscusi and O'Connor 1984; Viscusi 1985 Viscusi , 1989 Smith and Michaels 1987; Smith and Johnson 1988; Loewenstein and Mather 1990; Smith et al. 1990; Evans and Viscusi 1991; Liu et al. 1998; Viscusi and Evans 1998; Smith et al. 2001 We decompose the terrorism index employing 3 alternative smoothing specifications:
moving averages (using windows of 1.5 or 2.5 years) or exponential smoothing, using a nonlinear optimizer to choose the smoothing parameter  which minimizes the sum of squared residuals. Thus, the trend component , it for each country is: (i) pooled OLS with cluster-robust standard errors, (ii) Fixed-Effects, and (iii) Random-Effects.
Also note that the trend and cycle variables are included in the model with a one period lag to ensure that the specification matches agents' available information set at the time of forming their terrorism risk concern. (Wooldridge 2002 ).
Empirical results

-----Table 1-----
Then we re-estimate model parameters with robust standard errors, accounting for error structures with cross-sectional correlation, applying the Driscoll and Kraay (1998) algorithm. Table 2 reports the relevant estimation results. As a further robustness check we also provide results including time dummies. Controlling for cross-sectional dependence yields qualitatively similar results as the models assuming spherical errors. Irrespectively of the smoothing method, concerns about terrorism are at best marginally affected by the cyclical component. The main driver through all specifications is the trend component of terrorism risk. This implies that terrorism concern cannot be tackled on a short term basis. Rather, people observe the evolution of the terrorism risk and evaluate its long-term trend.
----- Table 2 -----
Conclusions
We decomposed country terrorism risk into long and short run components, and investigated whether they account for risk perception across European countries. We conclude that risk perception variation is only explained by the long term terrorism countries face. In contrast, the cyclical part of terrorism activity does not affect risk perception. Future research could be directed towards a micro level analysis accounting for respondents' heterogeneity captured by their personal characteristics. Moreover, one could also explore location and timing effects of terrorist incidents as determinants of terrorism risk concern. 
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